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Motivation Main Findings

»Temperature estimation is indeed possible without information on SoC. However,
temperature estimation without SoC and aging estimation becomes more uncertain
when considering aging.

»Robust state estimation of SoC, temperature, and aging are key problems for
BMS, as energy density and compliance increase. Electrochemical Impedance

Spectroscopy (EIS) could be a feasible remedy.
yBut what information can we really extract from EIS? »Degradation modes show unique, frequency-specific signatures in the impedance

spectra.
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ANOVA results are used to quantify the effect
size (ES) of each source of variance on each
feature. Since ES quantifies the proportion of
total variance attributable to each independent
variable, feature selection is simplified by
identifying features with the highest ES for
temperature. In this work, omega squared (&?)
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Temperature tracking under aging conditions is
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